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Because this.

Source: www.xkcd.com

THIS 1S YOUR MACHINE LEARNING SYSTEM?

YUP! YOU POUR THE DATA INTO THIS BIG
PILE OF LINEAR ALGEBRA, THEN COLLECT
THE ANSLJERS ON THE OTHER SIDE.

WHAT IF THE ANSLERS ARE LJRONG? )

JUST STIR THE PILE UNTIL
THEY START LOOKING RIGHT.




And this.

T DONT TRUST LINEAR REGRESSIONS WHEN IT$ HARDER
0 GUESS THE: DIRECTION OF THE CORRELATION FROM THE
SCATTER PLOT THAN To FIND NELJ CONSTELLATIONS ON IT:

Source: www.xkcd.com
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—3) Hewae~we-ae+2 How did | do 1t?
4) Does it help?
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Correlation Matrix for full feature set
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log(g)

== Mean Absolute Error

=¢= Root Mean Squar Error
== Max Error (Rescaled)
== Normalized Median Absolute Deviation
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Correlation Matrix for Best feature set, T_eff
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Errors

T eff
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Errors

[Fe/H]

== Mean Absolute Error
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Robustness

Stress Testing Reproducibility
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What’s Next?

Move to a Probabilistic Framework (80°%)

Clean up code, and free up hard-coded params (80°%b)
Create User Guide (50%)

Assess performance against resolution, SNR, #samples
Post to GitHub by end of Nov.



Questions?

Please feel free to get in touch if you have any questions,
concerns or suggestions!

email:



